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1 Introduction

Outsourcing is a landmark of contemporaneous labor markets (Dey et al., 2010). This

business practice allows firms to outsource tasks (e.g., cleaning, HR, IT services) to ex-

ternal providers that may have a comparative advantage in performing them. Critics

of outsourcing, however, argue that this comparative advantage is often overstated and

firms use outsourcing to simply reduce costs, sometimes by circumventing existing labor

laws (Weil, 2014; The New York Times, 2023). Both hypotheses are reasonable ex ante,

highlighting the importance of an empirical analysis that could assess the potential costs

and benefits of outsourcing for workers.1

In this paper, we provide a novel quantification of the effects of outsourcing by using

an explicit identifier of outsourcing events encoded in Italian administrative data. This

identifier provides an improvement relative to the existing literature along two dimen-

sions. First, while existing estimates of the effect of outsourcing are confined to specific

occupations or sectors (e.g., Dube and Kaplan, 2010; Goldschmidt and Schmieder, 2017),

we can precisely compute the effects of outsourcing across a wide range of jobs. Second,

this identifier allows us to study the impact of outsourcing along the extensive margin, an

aspect typically not addressed in the current literature. The latter can be particularly rel-

evant in contexts of high employment protection—like Italy—where anecdotal and court

evidence suggests that some firms use outsourcing to effectively terminate workers (Au-

tor, 2003; Speziale et al., 2006; Fisac-CGIL, 2014).

We find that outsourcing has large and persistent negative effects on earnings and

1As highlighted by our paper’s title, our analysis focuses on domestic outsourcing, as opposed to off-
shoring.
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these losses are primarily driven by job loss. Five years after being outsourced, workers’

cumulative earnings losses map to around e13,500 in present discounted value (PDV)

terms, corresponding to about two-thirds of their pre-outsourcing annual earnings. These

earnings losses are mainly driven by the extensive margin; ignoring this margin, as much

of the existing literature does, would lead us to underestimate the earnings losses by a

factor of four. These losses are also very heterogeneous. Outsourced workers in non-

routine manual jobs—such as cooks or beauticians—have the largest earnings losses,

while workers in jobs involving abstract, cognitive tasks—such as software developers

or consultants—experience some earnings gains following the outsourcing event.

Our analysis uses data from Italian social security records, which require employers

to provide explicit justifications for terminating employment contracts. This informa-

tion is key for determining severance payments and other benefits that might accrue

to the worker. Among possible reasons for separation, employers can list outsourcing.

We leverage this information recorded in the social security administrative records to

identify outsourcing events. Over two-thirds of workers in our data are outsourced to

a daughter firm whose sector code does not match that of a business service firm.2 As

a result, a wide range of jobs are part of our outsourcing events, from janitors and se-

curity guards (as in Goldschmidt and Schmieder (2017) and Dube and Kaplan (2010)) to

blue-collar workers in the manufacturing sectors (as in Dey et al. (2012)) to consultants,

accountants, or software developers.

The data also reveal that several outsourced workers are not working for the daughter

firm one year after being outsourced. This finding aligns with existing lawsuits in which

2Following the literature, we refer to the firm that outsources the worker as the “mother firm,” while
“daughter firm” refers to the firm receiving the worker.
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workers claim that being outsourced led to an unlawful termination (Corte di Cassazione,

2006, 2017a). Relatedly, some legal scholars have raised concerns about the inconsistency

in Italian labor laws, noting that while it is very difficult for firms to directly fire workers,

it is relatively easy to outsource them to companies that might soon go out of business or

may have stronger economic and legal grounds to eventually terminate the outsourced

workers’ employment contract (Speziale et al., 2006).

We use a matched difference-in-differences approach to study the causal impact of

outsourcing on workers. Outsourced workers are matched to individuals who never ex-

perienced an outsourcing event and who share similar observable characteristics. We

find that outsourcing leads to a loss in earnings of around e5,000 (approximately 23% of

their pre-outsourcing earnings) one year after the event. These earnings losses continue

to persist five years after the event and amount to roughly 10% of the pre-outsourcing

earnings. Job loss is a key driver of these losses. Employment decreases by 22 percentage

points the year after the event, and the negative effect remains significant at almost 8

percentage points five years later.

We then compare the estimated earnings losses using the outsourcing identifier with

those computed when applying the outsourcing definition of Goldschmidt and Schmieder

(2017) (GS henceforth), which focuses on transitions of workers from a given employer

to a business service firm in the food, cleaning, logistics, and security (FCSL) sector. Out-

sourced FCSL workers identified by the flow approach of GS in our data have cumulative

earnings losses (over five years) of around 11% of their pre-outsourcing yearly earnings,

while outsourced FCLS workers flagged by our identifier of outsourcing events have cu-

mulative losses of around 45%. These differences arise because the flow approach esti-
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mates null effects on employment. In this method, a treated/outsourced worker must be

employed by the mother firm in year 𝑡 and by the daughter firm in year 𝑡 + 1. Conse-

quently, it excludes workers who lose their jobs between these years, thus underestimat-

ing employment losses due to outsourcing.

But why are many outsourced workers eventually without a job after being out-

sourced in our setup? A relevant fraction of workers are outsourced to daughter firms

that are created precisely in the outsourcing event year, with many shutting down right

after. Daughter firms also tend to offer jobs with fewer hours (e.g., a part-time job to a

worker who used to have a full-time job with the mother firm) and lower employment

protection (e.g., a temporary job to a worker who used to have a permanent job with

the mother firm), and apply a different collective bargaining agreement (CBA) relative

to the one applied by the mother firm. As a result, we also see an increase in the num-

ber of outsourced workers who voluntarily resign from these jobs. Taken together, this

suggests that the primary reason outsourcing leads to non-employment stems from the

considerable instability of outsourced positions, combined with workers’ reluctance to

accept these lower-quality jobs.

The effects of outsourcing tend to vary considerably across occupations. For exam-

ple, outsourced cooks tend to experience very large negative earnings losses, while out-

sourced software developers experience slightly positive increases in earnings. Comput-

ing the effects of outsourcing according to the outsourced job’s task content—using the

classification of Autor et al. (2003)—shows that the immediate losses of outsourcing are

three times higher for workers in routine or non-routine manual jobs relative to those in

non-routine analytical or interactive jobs. The analysis at the sectoral level of the mother
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firm yields comparable results, with large negative effects in the food/restaurant sectors

(and in some manufacturing sectors), null or slightly positive effects in IT-intensive sec-

tors, and positive effects in the consulting sector.

We view these heterogeneous effects as the manifestation of different motives driving

a firm’s decision to outsource (a point previously highlighted in a structural framework

by Bilal and Lhuillier, 2021). Some jobs may be outsourced simply because firms need

to reduce firing and other related costs (Goldschmidt and Schmieder, 2017; Drenik et al.,

2023; Daruich et al., 2023). Outsourcing could, however, also be pursued by some firms to

directly increase productivity, for instance, by exploiting economies of scale or compar-

ative advantages, factors that may eventually lead to higher pay for outsourced workers

(Bergeaud et al., 2021; Bostanci, 2021). This latter motive seems to be more prevalent

when analyzing workers in jobs involving more cognitive and abstract tasks, such as

consultants and software developers.

Consistent with the heterogeneous effects by sectors and occupations, we also find

that the negative effects of outsourcing are concentrated in low-value-added firms with

a relatively high labor share. This result is somewhat surprising given GS’s findings that

wage losses due to outsourcing are concentrated in workers outsourced by firms with

high wage premiums (and thus firms that tend to be more productive; see Card et al.,

2018). We believe this discrepancy arises because GS could not account for the possibility

that firms use outsourcing to reduce firing costs (as highlighted by Autor, 2003), due to

both data limitations and differences in labor market institutions between Germany and

Italy (Boeri, 2011). The negative effects of outsourcing on employment that we find are

consistent with outsourcing being used as a cost-cutting strategy that might allow low-
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value-added and high labor share firms to remain viable and avoid closure (Acabbi and

Alati, 2023; Dustmann et al., 2022).

The fact that Italian firms tend to use outsourcing practices to circumvent firing costs

is also apparent when analyzing the trends of firm-level outcomes of outsourcing firms.

Five years before the outsourcing decision takes place, these firms tend to have higher

value added per worker than non-outsourcing firms in the same location and industry.

However, three to four years before the outsourcing decision, outsourcing firms appear to

be hit by a relatively persistent negative revenue shock. Interestingly, while this negative

shock drives down sales and value-added, these firms essentially seem unable to adjust

their size and labor costs, most likely due to high employment protection in the country.

It is only after the outsourcing decision that size and labor costs effectively decrease.

Therefore, it appears that the average firm does not use outsourcing in “good” times to

directly increase productivity. Instead, it is predominately used to cope with a negative

downturn.

The dynamic evolution of revenues and other financial variables of outsourcing firms

raises the question of what is the relevant counterfactual for an outsourced worker. Our

baseline estimates leverage non-outsourced workers who had a similar career trajectory

as outsourced workers to construct this counterfactual. This follows the original design

of GS and is similar in spirit to the research design used in the job displacement liter-

ature (Jacobson et al., 1993; Schmieder et al., 2023; Bertheau et al., 2023) that computes

what would have happened to the worker if the displacement/outsourcing event had

not occurred. However, another interesting counterfactual to consider is one in which

the worker is not outsourced but their employer has experienced a negative trajectory
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in revenues similar to the one faced by outsourcing employers. Interestingly, when we

match workers based also on their employer’s revenue trends before outsourcing, our

earnings estimates remain virtually identical. Therefore, workers employed by firms that

are also experiencing a downturn trajectory in revenues but did not resort to outsourcing

have significantly higher earnings than outsourced workers after the outsourcing event.

This suggests that firms can pursue other strategies to cope with the negative shock that

do not lead to persistent earnings losses for workers.

More broadly, the partial-equilibrium effect of outsourcing on workers that we es-

timate is important when considering the general equilibrium effects of this business

practice (Bostanci, 2021; Bertrand et al., 2021; Bilal and Lhuillier, 2021; Deibler, 2022; Fe-

lix and Wong, 2023). Our estimated negative effects are higher than the ones typically

used in this literature, which are often based on the analysis of a few selected sectors or

do not consider the extensive margin. Our results therefore suggest that any efficiency

gains due to outsourcing must be substantially higher than originally thought to offset

the negative effects faced by workers.

2 Outsourcing in Italy

Section 2.1 describes the Italian labor market and the evolution of labor laws on do-

mestic outsourcing. Section 2.2 introduces the Italian administrative data, and Section 2.3

explains how these data are used to measure outsourcing.

2.1 Institutional Background

The Italian labor market has historically been considered a very rigid one. Wages

are determined by employers’ organizations and unions via nationwide sectoral CBAs
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that provide limited scope for firm-level adjustments (Devicienti et al., 2019; Boeri et al.,

2021). In turn, this rigid wage structure is coupled with one of the highest employment

protection legislation in Europe (Boeri, 2011). In the mid-1990s, Italy began implementing

a series of reforms aimed at enhancing the flexibility of its labor market (Cappellari et al.,

2012).3

A landmark from this wave of reforms is Decree 18/2001, which reformed outsourc-

ing practices. Before this reform, Italian firms were prohibited from outsourcing some of

their existing employees to other firms. The only way to formally transfer a worker from

firm A to firm B was via a full merger between both firms (i.e., a situation in which all

employees of one firm joined the other firm). This changed with Decree 18/2001, which

made it possible for Italian firms to outsource just “pieces” of its business to other firms

(Emanuele et al., 2012).4 Decree 276/2003 introduced an additional element of discretion-

ality by stating that the branch to be outsourced can be identified at the time of transfer,

whereas before this reform, the branch had to be “pre-existing” within the organization.

Importantly, firms can engage in this outsourcing practice without workers’ approval.

Workers who refuse to transfer to the daughter firm can be fired for just cause by the

daughter firm (Corte di Cassazione, 2017b).

Two legal guardrails were adopted to avoid the indiscriminate use of this practice by

3Three reforms were of particular significance. The “Treu Package” in 1997 introduced temporary work
agencies, and Decree 368/2001 relaxed several restrictions on the usage of temporary employment con-
tracts. Additionally, Decree 30 of 2003 (“Biagi Law”), followed by Decree 276/2003, reformed the appren-
ticeship contract and introduced new temporary contracts limited to specific “projects” (often referred to
as “independent contractors” in labor law, or “Co.Co.Pro” in Italian). These reforms contributed to creating
a dual labor market where highly protected employment contracts—the so-called permanent contracts that
remain the most common contract in Italy—co-exist with temporary ones—which are typically used to hire
new, young workers (Daruich et al., 2023).

4In Italian, this practice is called trasferimento di ramo di azienda and is disciplined by article 2112 in
the Italian civil law.
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employers (Pedrazzoli et al., 2004). First, firms can only outsource well-defined “branches,”

i.e., parts that have a clear task within the organization (e.g., providing customer support).

Second, the outsourced worker should not experience any significant worsening of their

employment conditions. However, it is unclear whether these guardrails were truly effec-

tive in protecting workers. In fact, several labor courts since the mid-2000s have presided

over lawsuits filed by outsourced workers against their employers for illegal outsourcing

practices (e.g., Corte di Cassazione, 2017a; Tribunale Ordinario di Milano, 2016; Undiemi,

2008).

The typical case is one in which firms are accused of using outsourcing as a loophole

to essentially fire workers, thus violating Italian employment protection laws (Meucci,

2015). Firms in Italy can appeal to either “subjective” or “objective” motives to legally fire

workers. Subjective motives refer to situations where the worker’s conduct violated the

employment relationship, while objective reasons constitute situations where the firm

is experiencing financial difficulties and must fire part of its workforce. Firing for both

reasons is heavily regulated, and the burden of proof relies entirely on firms. For instance,

companies seeking to implement a mass layoff must first communicate their intentions

to a labor court, which verifies that all necessary conditions for the mass layoff have been

met. These requirements include verifying that the firm is facing some pre-existing poor

economic conditions, proving that none of the fired workers can be relocated within the

firm, and proving that the layoff is not “discriminatory” (i.e., targeting a few, selected,

workers).

Conversely, outsourcing does not require any pre-approval from a labor court and can

only be appealed after the outsourcing event. In practice, there are three common rea-
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sons why outsourced workers may lose their jobs shortly after being outsourced. First,

the worker may be outsourced to a firm with financial difficulties, which could thus shut

down shortly after the outsourcing event (see, e.g., Corte di Cassazione, 2006 and Grag-

noli, 2006). Second, outsourced workers may join new and/or smaller firms with less

than 15 employees or worker cooperatives with less stringent employment protection

laws (Kugler and Pica, 2008) and would thus be easier to be fired. Last, outsourcing may

involve an agreement where the daughter firm supplies a particular service (e.g., call cen-

ter) to the mother firm using the outsourced workers. When the contract expires, these

workers can be fired, as the economic rationale for their employment no longer exists

(see, e.g., the Barcalys-Engo case study analyzed in Fisac-CGIL, 2014).

While the definition of illegal outsourcing practices remains a topic of debate among

labor law scholars (Scarpelli, 2012; Iacobucci, 2023), there has never been a systematic

accounting of, say, how many outsourced workers are non-employed after being out-

sourced. This paper aims to fill that gap.

2.2 Data

We use administrative data from the Italian Social Security Institute (Istituto Nazionale

di Previdenza Sociale, INPS) on the universe of employer-employee matches and social se-

curity payments in the private sector from 1983 to 2019, made available through the Visit-

INPS scholar program. For each employment spell recorded in a given year, we have data

on earnings, number of days worked, the type of employment contract (e.g., temporary

versus permanent, part versus full time), the employer’s identity, and some demographic
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information about the employee.5 From 2009, it is possible to measure the occupation of a

job that was either created or destroyed in a given year. Firms are defined based on their

national tax identifier (codice fiscale). The latter is used to merge the financial records of

firms collected by CERVED, which are available for the universe of non-financial incor-

porated firms.6

2.3 Measuring Outsourcing

Since 2005, employers have been required to report the reason for a job separation

to the INPS.7 Among the potential reasons listed by the INPS is the outsourcing practice

(“trasferimento di ramo di azienda”) described in Section 2.1.8,9 We thus measure out-

sourcing events by focusing on separations where the underlying reason behind the job

separation is “outsourcing” according to official INPS records.10

Comparison with Goldschmidt and Schmieder (2017). Our approach in measuring

outsourcing events in administrative data differs from that of GS. GS identify outsourc-

5Earnings include overtime payment, bonuses, and shift work. We convert them to real euros (2015
CPI) and top code them at e400.000.

6The CERVED dataset is derived from standardized reports that firms are required to file annually to
their local chamber of commerce.

7This requirement, affecting pension contributions and severance payments, officially began in 2005
but has only been reliably enforced since 2008. Thus, we start measuring outsourcing events from 2008.

8The other most common reasons for a job termination are that (i) the worker resigned, (ii) the worker
was fired due to the firms’ financial difficulties (objective reason), (iii) the worker was fired due to mis-
conduct (subjective reason), (iv) the temporary contract ended, and (v) (full) mergers. Data on reasons for
job separations are available for approximately 75% of all separations observed in a given year among jobs
that lasted at least three months. Two key factors associated with missing data on reasons for separation
are (i) the separation occurring in December and (ii) the employer disappearing from the INPS data in the
year of separation.

9Di Addario et al. (2023) test the validity of the reason for separation variable in the INPS data, con-
cluding that it accurately distinguishes between voluntary and involuntary job separations.

10The INPS also supplies data on reasons for hiring, which include outsourcing. This information allows
us to isolate cases where the outsourced worker effectively joins the “designated” daughter firm associated
with its outsourcing event.

12



ing events in Germany by focusing on large flows of workers moving from a particular

establishment to a business service firm. They focus on five types of business service

firms (those in the FCLS sector and temporary agencies) for which it is relatively easy to

find proper business service sector codes in the German data, reducing the likelihood of

flagging non-outsourcing flows of workers.

There are two key advantages of our approach of using the INPS identifier to measure

outsourcing relative to the GS approach based on worker flows. First, the INPS flag allows

us to study the effects of outsourcing beyond the FCLS categories considered by GS. Table

A1 shows the most common occupations associated with outsourcing events in the INPS

data. Salespersons operating in the retail and mass-retail sector (e.g., a product sampler in

a supermarket) represent the most common outsourced occupation. The table also shows

that outsourcing can extend to occupations that are typically considered better paid, such

as IT jobs.

Second, our approach does not require outsourced workers to be employed by the

daughter firm (a requirement that instead must be imposed by the flow approach); it

only requires them to be outsourced by the mother firm. This is extremely important

because, as described in Section 2.1, abundant anecdotal evidence and lawsuits suggest

that several workers no longer have a job shortly after being outsourced. Overall, we find

that the vast majority (79%) of workers are either outsourced to a non-business-service-

providing firm or end up not working for the daughter firms (i.e., two cases that would

not be captured by GS’s flow approach).

Defining Outsourcing Events. The outsourcing events that we seek to analyze cor-

respond to situations where the mother firm outsources to an external firm some of its
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workers. Ideally, these outsourced workers continue to perform the same job as before

but are now hired by the daughter firm (which GS labeled as “on-site outsourcing”).

One important caveat of the outsourcing identifier from the INPS data is that it might

flag situations different from the outsourcing event just highlighted. First, the flag is

sometimes used when workers are transferred within the firm. For example, it may inac-

curately flag cases in which workers are transferred from “Firm A - Production” to “Firm

A - IT” and these two parts of firm A have different national tax identifiers despite being

controlled by the same owner. Additionally, some mother firms shut down right after the

outsourcing event. This is puzzling under an outsourcing framework, as it leaves no tasks

to be performed for the mother firm anymore.

We thus exclude from our definition of outsourcing events situations where either of

the following happens: (a) the mother and daughter firm share the same six-digit indus-

try code, (b) worker flows are also observed from the daughter to the mother firm, and

(c) 90% or more workers are flagged as outsourced by the mother firm in year 𝑡 and the

mother firm is dissolved between year 𝑡 and 𝑡 + 1. Restrictions (a) and (b) are imposed to

ensure that the daughter firm is an external firm and, in particular, that the outsourcing

event does not represent a transition of workers occurring within an internal labor mar-

ket (Cestone et al., 2023). Restriction (c) is imposed to limit cases in which the mother

firm intended to shut down immediately after the outsourcing event.11 These restrictions

identify 267,030 workers involved in an outsourcing event in our data.12 Imposing these

11A similar condition is imposed by GS, who focus on mother firms that continue to be alive in the year
after the outsourcing event and whose firm size does not shrink by more than 50%. Figure A5 shows the
effects of outsourcing for various degrees of exposure, defined as the fraction of the wage bill of the mother
firm related to outsourced workers.

12Table A2 presents details on the share and total number of observations dropped by the three restric-
tions.
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conditions does not ensure that outsourced workers will continue performing the same

tasks once employed by the daughter firm, a caveat also shared with the flow approach

of GS. However, the qualitative evidence in (Emanuele et al., 2012)—of interviews with

HR representatives of companies involved in outsourcing events—suggests that this is

the case in most situations.

3 Econometric Framework

We study the effects of outsourcing using a matched difference-in-differences re-

search design akin to the one originally proposed by GS. This approach compares the

changes in labor market outcomes of an outsourced worker relative to a matched control

worker with a similar labor market history.

Matching Strategy. To construct our matched sample, we begin by considering the pool

of workers who experienced an outsourcing event—as defined in Section 2.3—and had at

least two years of tenure with their mother firm when they were outsourced.13 Each

worker treated/outsourced in year 𝑡∗ is then matched with a control worker who never

experienced an outsourcing event in their career and in year 𝑡∗; had the same gender,

tenure, CBA, and employment contract; lived in the same region; and worked for a firm

in the same quartile of firm size (measured in 𝑡∗ − 1). To perform a one-to-one match

between treated and control workers, we conduct a caliper matching method (Stepner

and Garland, 2017) without replacement, using earnings in 𝑡∗ − 3 and 𝑡∗ − 2 (with a

bandwidth of ± e500) as well as age (with a bandwidth of ± 2 years).

13This restriction is also used by GS and mimics the one typically imposed in the job displacement
literature (e.g., Jacobson et al., 1993; Schmieder et al., 2023; Bertheau et al., 2023).
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Summary Statistics. As shown in Table 1, the matching algorithm successfully matches

61,849 outsourced workers. The characteristics of matched outsourced workers are rel-

atively similar relative to the overall sample of outsourced workers (see differences be-

tween Columns 2 and 3). Most outsourced workers are male, have a permanent and full-

time contract, and have been at the mother firm for around six to seven years. They are

relatively low paid, with yearly gross earnings and daily wages of approximatelye20,600

and e75, respectively.14 These workers tend to work for large firms and represent a sig-

nificant part of the mother firm’s wage bill the year before the outsourcing event, as

measured by the exposure coefficient.

Event Study. To isolate the impact of outsourcing on workers’ careers, we fit the fol-

lowing event-study specification on the matched sample of treated and control workers

represented in Table 1:

𝑦𝑖𝑡 = 𝛼𝑖 + 𝜆𝑡 +
𝑏∑︁

𝑘=𝑎

𝛽𝑘𝑅
𝑘
𝑖𝑡 +

𝑏∑︁
𝑘=𝑎

𝜃𝑘 (𝑅𝑘𝑖𝑡 ×𝑂𝑢𝑡𝑠𝑜𝑢𝑟𝑐𝑒𝑑𝑖) + 𝑋 ′
𝑖𝑡𝛾 + 𝑟𝑖𝑡 , (1)

where 𝑦𝑖𝑡 is the outcome of interest (e.g., total earnings) for individual 𝑖 in year 𝑡 , and

𝛼𝑖 and 𝜆𝑡 capture worker and time fixed effects, respectively. 𝑋𝑖𝑡 is a quadratic in age,

𝑂𝑢𝑡𝑠𝑜𝑢𝑟𝑐𝑒𝑑𝑖 is an indicator for whether worker 𝑖 is outsourced, and 𝑅𝑘𝑖𝑡 = 1{𝑡∗𝑖 = 𝑡 + 𝑘}

represent the event-study indicators with 𝑡∗𝑖 being the outsourcing year for worker 𝑖 .15

The event-study indicators are binned at 𝑎 = −4 and 𝑏 = 5 and are normalized relative to

14Average earnings and daily wages in Italy for this period are approximately e28,077 and e97. More-
over, Figure A1 shows that outsourced workers tend to have lower earnings and daily wages relative to
their coworkers who did not experience an outsourcing event. The latter is particularly true among higher-
paying mother firms.

15In the case of a control worker, 𝑡∗𝑖 represents the outsourcing event year of the treated worker matched
to the control worker. In the rare cases where an outsourced worker is outsourced more than once, we let
𝑡∗𝑖 be the earliest outsourcing year.
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𝜃−1. Therefore, the coefficients 𝜃𝑘 for 𝑘 ≥ 0 capture the effect of outsourcing on outcome

𝑦𝑖𝑡 , 𝑘 years after the outsourcing event relative to the year before outsourcing. Standard

errors are clustered at the worker level.

Identification. The coefficients 𝜃𝑘 identify the causal effect of outsourcing under a

parallel trend assumption; i.e., differences in outcomes between outsourced and control

workers would have remained constant absent the outsourcing event. Although this iden-

tification assumption cannot be tested directly, our analysis leverages data from years

before the outsourcing event and rich microdata to maximize its plausibility. First, coun-

terfactual earnings differences in our research design are based on narrowly defined pairs

of treated and control workers who share the same tenure-gender-region-contract type-

CBA-quartile of firm size up to the moment of the outsourcing event. Second, we check

the evolution of outcomes in the years leading up to the outsourcing event by computing

the coefficients 𝜃𝑘 for 𝑘 < 0.

4 The Effects of Outsourcing on Workers

This section shows how outsourcing impacts the employment and earnings of out-

sourced workers. Section 4.1 introduces the baseline estimates, and Section 4.2 contextu-

alizes why outsourcing has large and negative effects on employment. Section 4.3 com-

pares our estimates to those obtained when applying the flow approach of GS to identify

outsourcing events.

4.1 Main Results

Earnings Trajectories of Outsourced and Control Workers. Figure 1, panel (a) presents

the evolution of average annual earnings for both outsourced workers and their matched
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controls. Before the outsourcing event, the earnings of treated and control workers fol-

low a similar trend.16 After the event, the earnings of treated workers start diverging

as they experience a substantial and persistent drop in pay.17 Figure 1, panel (c) shows

that a substantial part of the earnings drop may be driven by outsourced workers being

without a job. Treated workers see a roughly constant 30% decline in their employment

probability after being outsourced.

Event-Study Estimates. We now analyze the event-study estimates from equation (1).

Panel (b) of Figure 1 shows that the annual earnings of outsourced workers decrease

by e4,500 on impact (i.e., the year after outsourcing), or about 22% of pre-outsourcing

average earnings. These losses are reduced over time but persist five years after outsourc-

ing, at about e2,000, or 10% of pre-outsourcing average earnings. Our main results on

earnings and employment are also presented in Table 2, Column 1. Summing the earn-

ings losses across the five years following the outsourcing event leads to PDV losses of

around e13,500, corresponding to roughly two-thirds of the average pay observed in the

year before the outsourcing event.

Panel (d) of Figure 1 shows that employment is heavily affected after outsourcing,

with the probability of being employed decreasing by 22 percentage points one year after.

This is equal to between a quarter and one-third of the employment shares observed in the
16Recall that while earnings at 𝑡∗𝑖 − 2 and 𝑡∗𝑖 − 3 are directly targeted in our matching algorithm, the

other pre-periods are not.
17Because we imposed a tenure restriction in 𝑡∗𝑖 − 1 and 𝑡∗, both control and treated workers are, by

construction, employed in these two periods. However, this restriction is no longer imposed after the out-
sourcing event (or in periods before 𝑡∗𝑖 − 1). This implies that some control workers are now going to be
non-employed after the outsourcing event, and it explains their drop in average earnings at 𝑡∗𝑖 + 1 and in
subsequent periods. The resulting hump-shaped earnings profile shown in Figure 1, panel (a) is common
when imposing tenure restrictions in matched difference-in-differences strategies (see, e.g., the discussion
in Schmieder et al., 2023) and will be captured by the coefficients 𝛽𝑘 in the event-study specification of
equation (1).
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years before outsourcing for which we did not impose a tenure restriction. Over time, the

loss in employment decreases but remains significant, even five years after outsourcing,

at almost 8 percentage points. To put these estimates in context, Bertheau et al. (2023)

recently found that Italian workers subject to a mass layoff are 30 percentage points less

likely to be employed immediately after the mass-layoff event (18 percentage points after

five years). Thus, our estimates suggest that outsourcing leads to an immediate negative

employment effect that, while smaller, is comparable to that of mass layoffs (i.e., 22 versus

30 percentage points).

Appendix Figure A2, panel (a) reports the results in log daily wages. Outsourcing leads

to a decrease in wages of roughly 2 to 3 log points, a small share of the total earnings loss.

However, one concern with this analysis is outsourcing’s large impact on the extensive

margin, which makes this decomposition nontrivial. To account for this, panel (b) reports

estimates from equation (1) on log daily wages after dropping pairs where the outsourced

worker is not employed but the control worker is. We assume that this control worker

represents a “complier,” i.e., a worker who, if exposed to outsourcing, would be non-

employed (Lee, 2009). Dropping these compliers from the estimating equation (1) thus

allows us to evaluate the impact of outsourcing on log daily wages just among “always-

takers,” i.e., workers who remain employed even when outsourced. Overall, the estimates

on this balanced sample reported in panel (b) are quite similar to the ones reported in

panel (a), suggesting that the large negative effect of outsourcing on earnings is mostly

due to employment losses. The next section investigates why several workers are without

a job after being outsourced.
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4.2 Factors Contributing to Non-Employment Following Outsourcing

In this section, we discuss potential reasons why outsourcing might lead to large job

losses.

Mislabeling. Employers may incorrectly report situations as “outsourcing” that are ac-

tually mass layoffs or plant closures, which are shown to have large negative employment

effects, especially in Italy (e.g., Bertheau et al., 2023). To address this, Appendix Figure

A3 reports the results after fitting equation ((1)) on the subsample of events where the

mother firm does not shut down in 𝑡∗ + 1. The point estimates are very similar to our

baseline estimates shown in Figure 1, suggesting that the mother firm’s closure is not the

primary driver of our effects.

Appendix Figure A5 expands on this finding by reporting the effects of outsourcing

one or five years after the event across different exposure deciles (i.e., the fraction of

the mother firm’s pre-event wage bill allocated to outsourced workers; see Appendix

Figure A4 for the histogram of this measure). The graph shows that the negative effect of

outsourcing on earnings is qualitatively similar in events where exposure is relatively low

(i.e., where presumably only a handful of workers are being outsourced) and in events

where outsourced workers instead constitute a large fraction of employment (mass-layoff

events).

Overall, the evidence presented in both figures does not suggest that our results are

driven by employers that misclassify outsourcing events to the INPS. This also aligns with

the fact that the INPS issues a distinct identifier for job separations resulting from mass

layoffs.
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Never Attached to Daughter Firm. To further confirm that we are capturing out-

sourcing events and that these events lead a sizable share of workers to be without a job,

we re-estimate equation (1) for outsourced workers who report working for the daughter

firm for at least a day in the outsourcing event year (which occurs for about 76% of our

outsourced workers).18 Panel (b) of Figure 2 shows that even after imposing this employ-

ment restriction, several outsourced workers employed by the daughter firm in the out-

sourcing event year are non-employed in the following years. The negative employment

effect one year after the event is around 10 percentage points and remains significant at

around 3 percentage points five years later. Panel (a) shows a qualitatively similar pat-

tern for earnings, while Table 2, Column 2 summarizes the estimates on earnings and

employment just described.

We draw two conclusions from the evidence presented in Figure 2. First, about half

of the baseline employment effect (as shown in Figure 1 and reproduced in Figure 2) is

driven by workers not joining the daughter firm (as shown by the difference between

the baseline employment effects and those restricted to individuals who do work for the

daughter firm), potentially because they rejected the “new” outsourced job. Second, the

remaining half of the employment effect is driven by individuals who do work (shortly)

for the daughter firm but are then found to be non-employed according to INPS records

in the years following the outsourcing event. We next discuss reasons why outsourced

workers might refuse or accept the job at the daughter firm only to find themselves non-

employed shortly after.

18Recall that the INPS provides data on the reasons for both job separations and job hirings (a specific
flag in the data indicates when hiring by the daughter firm is the result of an outsourcing event).
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Characteristics of Post-Outsourcing Jobs. According to Italian laws, outsourced work-

ers cannot decline the outsourcing “offer” and remain employed with their mother firm.

The rationale for this condition is that, in principle, the job at the daughter firm must

have the same attributes as the job at the mother firm. In practice, however, we often find

that this is not the case. Figure 3, panel (a) shows that outsourced workers who had a per-

manent employment contract before being outsourced are significantly more likely to be

employed with a temporary contract after the outsourcing event. Similarly, outsourced

full-time workers have a significant increase in the probability of being employed part

time after being outsourced.

The worsening of employment conditions following an outsourcing event could be

driven by the fact that CBAs are allowed to change after an outsourcing event accord-

ing to Italian laws. Panel (b) of Figure 3 shows that outsourcing significantly increases

the probability of workers being employed under a different CBA than the one observed

before outsourcing. A typical situation involves an outsourced worker initially hired un-

der a “standard” CBA (i.e., signed by one of the main unions in Italy; see Lucifora and

Vigani, 2021) but is then outsourced to a job governed by a CBA designed for temporary

agencies or cooperative-type employers (Pencavel, 2013). Both situations correspond to

cases where the new CBA is likely to offer the outsourced worker much less protection

and fewer other amenities.

Figure 3 thus shows that outsourcing leads to jobs with fewer hours, lower employ-

ment protection, and with a different CBA that might provide lower wage floors and

fewer amenities relative to the workers’ original CBA with the mother firm.19 These fac-

19Part of this effect could be attributed to workers rejecting the outsourced job and reallocating to
another job. However, using a standard revealed preferences argument, this would then suggest that our
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tors contribute to why workers might reject employment with the daughter firm, as these

outsourced jobs generally offer inferior conditions compared to their previous job with

the mother firm. This is also confirmed by panel (a) of Figure 4, which shows that the

probability of a worker resigning from their dominant job in year 𝑡 significantly increases

after the outsourcing event.20

However, outsourcing might lead to non-employment for reasons other than volun-

tary resignation. Panels (b) and (c) of Figure 4 show that the probability of involuntary

separations significantly increases after outsourcing. First, outsourced workers are more

likely to experience a mass layoff, consistent with anecdotal evidence and labor court

cases where workers report being outsourced to financially unstable companies, leading

to job displacement shortly thereafter. Additionally, these workers are also more likely to

experience a job separation due to their new employers’ reluctance to renew temporary

contracts (which are also more common after outsourcing, as shown in panel (c)).

Last, panel (d) shows that outsourced workers are systematically more likely to work

for an employer that was created in the outsourcing event year. This is important for

two reasons. First, it provides a rationale for the results in Figure 3, panel (b). It is often

easier for newly created firms to adopt non-traditional CBAs (Card et al., 2013; Dustmann

et al., 2024) or impose conditions that might be illegal, such as converting permanent

contracts to temporary ones, which might be difficult for workers to challenge (or even

recognize) given the lack of union representation in these firms (Naidu, 2022). Second,

newly created firms are typically more unstable or less likely to survive (e.g., Mata et al.,

estimates in Figure 3 are a lower bound of the changes in job quality associated with the outsourced job
created by the daughter firm.

20Note that the INPS reports resignation as the reason behind a job separation only in situations where
the outsourced worker is employed for at least a day by the daughter firm.
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1995; Caves, 1998; Agarwal and Gort, 2002), which can help explain the reduction in

employment experienced by outsourced workers. In our sample, about 13% of daughter

firms shut down the year after the outsourcing event, a much higher number than the

unconditional 3% shutdown probability for firms that we find in our Italian data.

Summary. Being outsourced leads to large and persistent negative earnings losses, pri-

marily explained by the extensive margin. Many outsourced workers are employed only

briefly (or not at all) by daughter firms, which are often created the year in which the

outsourcing event takes place and often shut down shortly thereafter. These daughter

firms tend to offer jobs with fewer hours and lower employment protection (e.g., due to

changed CBAs and economic conditions at the daughter firm). Taken together, these find-

ings suggest that the primary reason for non-employment following outsourcing is the

considerable instability of outsourced positions and workers’ reluctance to accept these

lower-quality jobs.

4.3 Estimates Based on the Flow-Based Approach of GS

One relevant question is why we find a much more negative impact of outsourcing

on workers’ earnings compared to the findings of GS. To explore this, we compute the

effects of outsourcing using GS’s definition of outsourcing events with Italian data. We

then compare these estimates with our baseline results, which are based on outsourc-

ing events explicitly flagged by INPS. The goal is to determine whether the two sets of

outsourcing events ultimately lead to similar effects on Italian workers (i.e., suggesting

that the difference between our findings and those of GS might stem from contextual

differences between Germany and Italy) and, if disparities instead emerge, investigate

potential reasons behind these differences.
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We implement the same steps as GS to identify outsourcing events in the FCSL sector.

First, we identify flows of at least 10 workers moving between the mother firm in year 𝑡

and the daughter firm in year 𝑡+1.21 We then drop events if the mother firm is a temporary

agency, if it had less than 50 employees the year before, if it dies the year after, if it shrinks

by more than 50%, or if the flow represents more than 30% of the mother firm’s size the

year before. Next, we drop events if the daughter firm is new and the flow represents

less than 65% of its size, and drop events if daughter and mother firms share the same

four-digit industry code. Last, we drop events if the daughter firm does not belong to the

business service associated with FCSL industries. As with our previous analysis, we focus

on workers with at least two years of tenure. To compare our results with those from

the flows approach, we restrict estimation of equation (1) to workers whose resulting

daughter firm operates within an FCSL business service firm.

Figure 5 presents the results. Panel (a) shows that our outsourcing identification strat-

egy yields an estimate of the drop in total earnings the year after outsourcing that is more

than three times larger than that produced by GS’s flow approach. This difference is per-

sistent over time, though the magnitudes become relatively smaller. Panel (b) shows that

the difference in employment outcomes is driving the difference in earnings. We estimate

employment losses between 10% and 5% over time, while the flow-based approach leads

to much smaller losses. Table 2, Columns 3–4 compute the associated PDV losses from

each of the two approaches, and our methodology estimates these losses to be around

four times larger—when scaled by pre-outsourcing earnings—than those found using the

flow approach.

21Following GS, we take a snapshot of employment at the firm in a particular moment in time, which
in our case corresponds to January of each year.
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The assumptions required to identify each approach are precisely what leads to this

difference.22 While our approach does not require outsourced workers to work for the

daughter firm the year after the outsourcing event, the flow approach does. As a result, the

latter approach significantly underestimates the impact of outsourcing on the extensive

margin.

5 Heterogeneity

A key advantage of our method for measuring outsourcing is that it provides a suffi-

ciently large sample, allowing us to study the heterogeneous impact of outsourcing across

various characteristics, including occupations (and their task content) and sectors.23 This

analysis will shed light on the different motives behind firms’ decisions to outsource and

how these motives might ultimately impact a worker’s career trajectory.

Worker Demographics. Panels (a) and (b) of Figure 6 display the effects of outsourcing

by age and gender.24 One year after outsourcing, the effects across age groups exhibit a

reverse U shape, with the most pronounced negative effects on younger and older work-

ers. In contrast, five years after outsourcing, the effects are more homogeneous across

all groups except for those aged 50 and over, where we observe small and insignificant

effects. This trend appears to be driven by older workers in the control group retiring

22Note that our estimates on earnings loss based on the GS approach for Italy (of approximately 4%)
are qualitatively comparable to the ones of GS for Germany (though noisier toward the end) that show a
4%–7% effect on earnings (see their Appendix Figure A.6). Appendix Figure A6 computes the effects on log
daily wages using the GS design. The coefficients present a pattern similar to the earnings results found in
Figure 5, though these estimates are smaller than the ones reported by GS for Germany.

23Recall that the GS approach focuses on outsourcing events for only five types of occupations (FCSL
agencies). Moreover, our sample size is about three times the one of GS (despite being a shorter panel).

24All the heterogeneous effects presented in this section are computed by only re-estimating equation
(1) for the set of treated and control workers belonging to the particular category under investigation (e.g.,
women). The reported event-study coefficients are then rescaled by the average level of earnings observed
in the year before outsourcing for that particular group.
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from the workforce. Panel (b) shows slightly more negative effects for women, especially

on impact.

Labor Contract and Relative Pay. We find significantly more heterogeneity when ex-

amining workers with different contracts or relative pre-outsourcing wages. Panel (c) of

Figure 6 compares part-time outsourced workers with those who work full time (in the

year before the outsourcing event). Part-time workers experience larger earnings losses,

especially on impact (30% versus 20%). Large gaps also emerge when comparing workers

in different quartiles of log daily wages observed at 𝑡∗−1. Panel (d) shows that low-wage

workers (i.e., those in the first quartile of the pre-outsourcing log wage distribution) ex-

perience a 35% earning loss on impact compared to high-wage workers (i.e., those in the

fourth quartile), who experience a 20% loss. These differences, however, tend to converge

over time. Overall, these results suggest that the cumulative negative effects of outsourc-

ing are more pronounced among workers who have a weaker attachment to the labor

market, such as women, young/older, part-time, and low-wage workers.

Sector and Occupation. Figure 7 presents the effect of outsourcing one year (panel

(a)) and five years later (panel (b)) by sector of the mother firm, showing considerable

heterogeneity in impact on earnings. Initially, the points estimates across sectors range

from –60% to +5%, with a standard deviation of 12 percentage points after accounting for

sampling error. While there is less dispersion in the effects five years post-outsourcing,

the heterogeneity still remains considerable. The negative effects are very pronounced in

the food/restaurant sector but are also present in several manufacturing-intensive sectors

(e.g., manufacturing of leather or vehicles). On the other hand, there are close to null ef-

fects on impact and slightly positive (but relatively imprecise) effects in the medium-run
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for workers in more IT-intensive sectors (e.g., IT services, software production, repair

of computers). Another sector that does not appear to suffer from outsourcing is con-

sulting: the effects on impact are virtually zero and five-years out become positive with

a magnitude of approximately 17%. The effects by occupations—reported in Figure 8—

complement the analysis for sectors. For example, when a cook is outsourced, it leads to

large negative effects on their earnings both on impact (–40%) and in the medium run

(–20%). In contrast, when a software developer is outsourced, their earnings are virtually

unchanged right after the outsourcing event and increase (by around 15%) five years after,

though this estimate is somewhat noisy.

Task Content. To better understand the potential structural differences driving the het-

erogeneous effects of outsourcing across occupations, we use the task-based occupation

classification of Autor et al. (2003). Figure 9 shows the effects of outsourcing for non-

routine analytical, non-routine interactive, non-routine manual, routine cognitive, rou-

tine manual jobs (as defined by their most prevalent task content). The effect of outsourc-

ing varies considerably depending on the outsourced job’s task content. Earnings losses

one year after outsourcing are two-thirds smaller for workers in non-routine analytical/

interactive jobs compared to those in mainly (routine or non-routine) manual jobs (e.g.,

cooks, beauticians, truck drivers). Five years post-outsourcing, the differences are still

striking: workers in non-routine cognitive jobs return to their earnings levels, whereas

those in manual jobs still earn significantly less.25

25Table A3 shows that the results from Figure 9 are not driven by the decision to assign a job to a task
based on the highest task content associated with that given occupation. Running a regression of average
losses from outsourcing against the various task contents associated with a particular job shows that jobs
involving non-routine cognitive tasks experience the smallest earnings losses due to outsourcing.
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Summary. The estimates by sector and occupation suggest that the effects of outsourc-

ing vary significantly depending on the type of job being outsourced—something that

previous research has not been able to fully quantify. This heterogeneity may be at-

tributed to the diverse motives for outsourcing, which vary across sectors and occu-

pations, as previously highlighted in a quantitative structural framework by Bilal and

Lhuillier (2021). Some jobs may be outsourced simply because firms need to cut down

firing and other costs (Goldschmidt and Schmieder, 2017; Drenik et al., 2023). However,

other firms could use outsourcing to directly increase productivity, for instance, by ex-

ploiting economies of scale or comparative advantages, factors that may eventually result

in higher pay for workers (Bergeaud et al., 2021; Bostanci, 2021). This latter motive seems

to be more prevalent when analyzing workers whose jobs involved more cognitive and

interactive tasks, such as consultants and software developers (Autor et al., 2003).

6 The Role of Firms

The heterogeneous effects by occupation and sector point to different motives that

might drive a firm’s decision to outsource. This section builds on these results by further

examining the role played by (mother) firms in driving the effects of outsourcing.

Firm Productivity and Labor Share. Figures 7 and 8 suggest that low-value-added oc-

cupations/sectors might be driving the negative effects of outsourcing. Figure 10, panel

(a) confirms this by showing the effects of outsourcing one and five years out by dif-

ferent deciles of mother firms’ value added per worker, measured in the year before the

outsourcing event. A worker being outsourced by a firm at the bottom of the productivity

distribution leads to earnings losses of more than 30%, while being outsourced by a firm

at the top results in earnings losses that are about two-thirds smaller (≈ 11%). A similar
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pattern is also observed when examining the effects five years post-outsourcing. While

earnings losses remain large and statistically significant for workers outsourced by firms

at the bottom of the productivity distribution, the effects are smaller and sometimes in-

significant for those outsourced by firms at the higher end of the productivity ladder. Con-

sistent with the evidence shown on occupations and sectors, outsourcing appears to lead

to more pronounced earnings losses when workers are outsourced by low-productivity

firms.

Figure 10, panel (b) complements this finding by reporting estimates based on the

labor share of the mother firm, calculated in the year before the outsourcing event. The

negative effects of outsourcing are concentrated in highly labor-intensive firms, which,

following our previous discussion of outsourcing as a firing mechanism, may be more

motivated to cut labor costs. Conversely, workers outsourced by firms with a relatively

small labor share experience smaller losses in earnings on impact and nearly zero earn-

ings losses in the medium run.

The concentration of negative effects in low-productivity firms may seem surpris-

ing, as previous research has shown that firms paying higher wages (and therefore more

likely to have higher value added per worker, as noted by Card et al., 2018) are the ones

driving the negative effects of outsourcing on pay (Goldschmidt and Schmieder, 2017).

We believe this potential discrepancy relates to our measure of outsourcing and its abil-

ity to capture events where workers lose their jobs shortly after being outsourced. As

mentioned in Section 2.1, anecdotal and court-level evidence suggest that firms use out-

sourcing to separate from workers and bypass Italy’s strict employment legislation; see

also the related evidence for the US provided by Autor (2003). The large negative em-
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ployment effects shown in Figure 1 align with the fact that some Italian employers often

use outsourcing to basically fire workers. Figure 10 strengthens this conclusion by high-

lighting that the negative impact of outsourcing on pay is most significant for workers

outsourced by low-productivity and labor-intensive firms. These firms may be particu-

larly motivated to use outsourcing as a cost-cutting strategy that allows them to remain

viable and thus potentially avoid closure. In the next paragraph, we further elaborate on

this point by showing trends in various firm-level characteristics in the years leading to

the outsourcing decision.

Trends of the Average Outsourcing Firm. Figure 11 shows how various firm-level

outcomes were trending in the years leading up to an outsourcing event. For compari-

son, we also report these averages for firms that do not outsource and are in the same

two-digit sector and province of outsourcing firms. Five years before the outsourcing

decision, outsourcing firms have a higher value added per worker than an average non-

outsourcing firm in the same region by sector cell. However, this changes in later years,

as they experience a downward trajectory in value added per worker (or revenues) of

approximately 5% in each year. Despite this downward trajectory, we observe little ad-

justments in the firm in terms of labor costs per worker or firm size, likely due to Italy’s

strict employment protection rules. These rules hinder firms’ ability to quickly adjust

their employment in response to negative demand shocks. Faced with these institutional

constraints, firms might turn to outsourcing to counteract the effects of such shocks.

Overall, the evidence suggests that firms typically do not use outsourcing in “good times”

to directly increase productivity. Instead, they often resort to it as a way to manage the

combination of negative firm-level shocks and high firing costs.
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An Alternative Counterfactual for the Outsourced Worker. One question that emerges

from the previous analysis on firm-level trends is the following: What is the relevant

counterfactual of an Italian worker being outsourced? In our baseline estimates, we con-

struct this counterfactual by examining the outcomes of a non-outsourced worker who

had a similar career trajectory as an outsourced worker up to the moment of the outsourc-

ing decision. This research design mimics the one used by GS for German outsourced

workers and is based on the idea of using non-outsourced workers to infer what would

have happened if the outsourced worker remained employed (at time 𝑡∗ = 0) with the

mother firm.26

However, this counterfactual does not necessarily account for the dynamic firm-level

trajectory displayed in Figure 11. An alternative counterfactual might be constructed by

looking at a worker whose employer is experiencing a negative trajectory similar to the

ones shown in Figure 11 but ultimately has decided not to outsource the worker. This

approach addresses whether outsourcing is generally a “lesser evil” from a worker’s per-

spective, compared to other events that might unfold at the mother firm during challeng-

ing times (e.g., mass layoffs, plant closure).

We now augment our research design to include in the matching variables the trends

in value added per worker of a given employer, and report the results in Figure 12.27 The

point estimates on earnings are remarkably close to the ones obtained with our baseline

event-study specification. The key conclusion from this analysis is that the negative ef-

fects of outsourcing shown in Figure 1 are driven by the outsourcing decision itself, rather

26This type of approach is also used by the job displacement literature (Jacobson et al., 1993; Lachowska
et al., 2020; Schmieder et al., 2023; Bertheau et al., 2023).

27Specifically, we now also match on values of log value added per worker in 𝑡∗ − 3 and 𝑡∗ − 2 using a
caliper bandwidth of 10 log points.
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than by the negative firm-level shock impacting the mother firm. Workers employed by

firms experiencing a similar negative trajectory in sales as outsourcing firms—but who

are ultimately not outsourced by their employer—have significantly better labor market

outcomes than outsourced workers. This suggests that employers in the control group

are more effective at shielding their workers from the negative impacts of such shocks.

This may occur if, instead of relying on a cost-cutting strategy like outsourcing, these em-

ployers decide to invest in other forms of firm-level restructuring that could eventually

raise revenues.

7 Conclusion

This paper studies the impact of outsourcing on a worker’s career trajectory, using a

novel identifier of outsourcing events directly encoded in Italian social security records.

This identifier allows us to study outsourcing events previously unexplored. For instance,

we can study events where the worker is outsourced to a non-business service firm and/or

becomes non-employed shortly thereafter. The latter is particularly important in the Ital-

ian context, given the extensive anecdotal and court evidence suggesting that firms use

outsourcing as a strategy to essentially fire workers.

Our results suggest that the negative effects of outsourcing on workers’ pay are larger

than those documented in previous research. Thanks to our outsourcing identifier’s abil-

ity to capture effects along the extensive margin of employment, we show that outsourced

workers experience sizable earnings losses largely because they often lose their jobs soon

after being outsourced. These employment outcomes stem from daughter employers pro-

viding lower-quality, less stable jobs. The richness of our outsourcing identifier also re-

veals interesting patterns of heterogeneity: earnings losses from outsourcing are partic-

33



ularly pronounced in low-value-added sectors or occupations (e.g., cooks) but are null

or even positive in other occupations with a high non-routine cognitive task component

(e.g., software developers). By analyzing the dynamics of firms that opt to outsource, we

note that these employers seem to resort to it as a response to negative shocks, likely due

to the employment protections that prevent them from quickly adjusting in-house em-

ployment. Importantly, however, workers employed by firms experiencing similar neg-

ative firm-level shocks but choosing not to outsource have much higher earnings than

outsourced workers following the outsourcing event.

There are three main takeaways from our analysis. First, our work shows that sev-

eral outsourcing practices by Italian firms do eventually lead to workers becoming non-

employed shortly thereafter. Absent the employment effects, the negative effect on work-

ers’ earnings would be 75% smaller. It would be useful to combine the information on

outsourcing from Italian social security data with additional investigations on outsourc-

ing firms to understand whether these outsourcing practices are actually legal according

to the most recent court orders (Corte di Cassazione, 2017a). In fact, a recent Italian labor

reform introduced stricter rules and harsher sanctions against illegal outsourcing (Tagli-

abue, 2024), thus implicitly recognizing that firms may have been using outsourcing to

circumvent employment protection. It will be interesting to evaluate this reform’s im-

pact in the coming years and compare it to similar recent reforms conducted in other

countries (Estefan et al., 2024; Elias and Silva, 2024).

Second, the heterogeneity that we document across occupations, sectors, and firm

productivity suggests that the reasons behind firms’ decision to outsource can vary.

While low-productivity firms seem to rely on outsourcing as a cost-cutting strategy to
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bypass some of the strict Italian employment protection laws, more productive firms en-

gaging in outsourcing tend to achieve better outcomes for their workers. Understanding

the determinants of the outsourcing decision conducted by heterogeneous firms—and

how it ultimately impacts key firm-level outcomes, such as firm size, productivity, and

labor compensation—is an interesting avenue for future research.

Last, we view our results as a manifestation of the second-best theorem. Policies that

allow firms to outsource part of their workforce to an external firm are often viewed as

efficiency-enhancing by their advocates. However, this view often overlooks restrictive

labor market conditions in many countries like Italy (or France, Spain, Portugal, among

others), which include stringent employment protection legislation and rigid wage struc-

tures. As a result, allowing firms to outsource in such a heavily regulated labor market

might actually have negative net effects. Our results speak directly to this outcome by

showing that workers unaffected by outsourcing, yet employed by firms with similar de-

clining revenues, experience significantly better labor market outcomes than outsourced

workers. Fully exploring the interaction between firm strategies, labor market frictions,

and existing labor regulations is an important avenue for future research.
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Figures

Figure 1: Earnings and Employment of Outsourced and Non-Outsourced Workers
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(b) Event-Study Estimates on Total Earnings
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(d) Event-Study Estimates on Employment
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Notes: Panels (a) and (c) report the trajectories of earnings (panel (a)) and employment (panel (c)) of out-
sourced workers and their matched controls. Panels (b) and (d) report the corresponding event-study es-
timates obtained after fitting equation (1) on annual earnings (panel (b)) or a dummy equal to 1 if the
worker is employed in a given year (panel (d)). Year 0 is when the outsourcing event takes place. A worker
is defined as employed if they have at least one day of work recorded in the Italian social security data.
Total earnings is the sum of labor earnings obtained by the worker in that year and are equal to zero if the
worker is not employed according to official social security records. Earnings are expressed in real terms
(2015 CPI). The event-study coefficients in panel (d) are multiplied by 100. Panels (b) and (d) report 95%
confidence intervals based on standard errors clustered at the worker level.



Figure 2: Conditioning on Outsourced Workers Being Employed by the Daughter Firm
(a) Total Earnings
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(b) Employment
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Notes: This figure reports event-study results on total earnings (panel (a)) and employment (panel (b))
obtained from equation (1). The figure reproduces the baseline event-study estimates from Figure 1 in blue
and reports in red event-study estimates computed after estimating equation (1) only for outsourcing events
where the outsourced worker was employed by the daughter firm for at least one day in the outsourcing
event year. The mean of earnings in the year before the outsourcing event for the baseline specification is
e20,566 and e21,898 when conditional on working at the daughter firm. The event-study coefficients for
employment are multiplied by 100. Both panels report 95% confidence intervals based on standard errors
clustered at the worker level.



Figure 3: The Effect of Outsourcing on Employment Contract and CBA

(a) Employment Contract
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(b) Collective Bargaining Agreement
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Notes: The blue event studies in panel (a) are constructed by estimating equation (1) on all outsourced work-
ers with a permanent contract the year before the outsourcing event, and where the outcome is a dummy
equal to 1 if the worker is on a temporary contract and 0 if they remain employed with a permanent con-
tract. The red event studies in panel (a) are constructed by estimating equation (1) on all outsourced workers
with a full-time contract the year before the outsourcing event, and where the outcome is a dummy equal
to 1 if the worker is on a part-time contract and 0 if they remain employed with a full-time contract. Panel
(b) reports estimates from equation (1) where the outcome variable is an indicator equal to 1 if the CBA
observed the year before the outsourcing event differs from the current one. The event-study coefficients
reported in all panels are multiplied by 100. Both panels are estimated on the sample of employed individ-
uals and report 95% confidence intervals based on standard errors clustered at the worker level.



Figure 4: Reason for Job Separation after Outsourcing

(a) Worker Resignation
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(c) Temporary Contract Not Renewed
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(d) Employed by a Newly Created Firm
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Notes: Panel (a) reports estimates from equation (1) where the outcome variable is an indicator equal to 1 if
the worker has resigned in year 𝑡 from their dominant job observed in that year. Panel (b) reports estimates
where the outcome variable is an indicator equal to 1 if the worker experiences a job separation due to a
mass layoff. Panel (c) reports estimates where the outcome variable is an indicator equal to 1 if the worker
experiences a job separation because their temporary work contract was not renewed. Finally, panel (d)
reports event-study estimates where the outcome is an indicator equal to 1 if the dominant employer at
time 𝑡 was created in year 𝑡 or year 𝑡 − 1. The fraction of newly created firms in our matched sample in the
year before the outsourcing event is equal to 0.09. The event-study coefficients reported in all panels are
multiplied by 100 with 95% confidence intervals based on standard errors clustered at the worker level.



Figure 5: Comparison with the Flow-Based Approach of Goldschmidt and Schmieder
(2017)
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(b) Employment
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Notes: The event-study coefficients in blue are computed by fitting equation (1) on the sample of outsourced
workers whose daughter firm in the year of the outsourcing event is a business service firm in the FCSL
sector. The event-study coefficients in red are computed after identifying outsourcing events using the
flow-based approach of Goldschmidt and Schmieder (2017), where an outsourcing event corresponds to a
situation where a group of workers are employed in year 𝑡 by a non-business firm and in year 𝑡 + 1 are
instead employed by a FCSL business service firm (see Section 4.3 for details). Panel (a) reports event-study
coefficients on total earnings, rescaled by the average total earnings the year before the event observed in
each of the two samples. Panel (b) reports event-study coefficients on employment, defined as a dummy
equal to 1 if the worker has at least one day of employment according to official social security records.
The coefficients in panel (b) are multiplied by 100. Both panels report 95% confidence intervals based on
standard errors clustered at the worker level.



Figure 6: Effects by Worker Characteristics

(a) Age
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(d) Pre-Outsourcing Wages
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Notes: This figure reports event-study estimates after fitting equation (1) separately for a given group of
workers (e.g., women) and using total earnings as an outcome. Panel (a) presents results by age bin, panel
(b) plots the estimated coefficients by gender, and panel (c) presents results for workers who held either
a part- or full-time job before the outsourcing event. Panel (d) presents results for workers belonging to
the first quartile of the log daily wages (“Low-Wage Workers”) distribution observed in the year before the
outsourcing event. The red line reports estimates for workers who instead belong to the fourth quartile
(“High-Wage Workers”). All event-study coefficients are rescaled by the average total earnings observed in
the year before the outsourcing event in the reference group. Also reported are 95% confidence intervals
based on standard errors clustered at the worker level.



Figure 7: Effects by Sector

(a) One Year after Outsourcing
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(b) Five Years after Outsourcing
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Notes: This figure presents event-study estimates derived from equation (1), fitted separately depending on
the mother firm’s two-digit ATECO sector code of the outsourced worker. We include estimates for sectors
that have at least 100 outsourced workers. Panel (a) presents the estimated event-study coefficients for
the year following the outsourcing event, and panel (b) displays the estimated coefficients for five years
after the outsourcing event. Both sets of coefficients are normalized by the sector-specific mean of total
earnings observed in the year before outsourcing. Additionally, both panels report 95% confidence intervals
based on standard errors clustered at the worker level. We also report the weighted standard deviation of
these rescaled effects (net of sampling error) where the weights are given by the number of person-year
observations in a given sector.



Figure 8: Effects by Occupation

(a) One Year after Outsourcing
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(b) Five Years after Outsourcing
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Notes: This figure presents event-study estimates derived from equation (1), fitted separately based on
the occupation code of the outsourced worker. We report estimates for occupations that have at least
100 outsourced workers. A job in our data is classified according to five-digit CP (“Classificazione delle
professioni”) codes from the INPS data, which are then cross-walked and aggregated to three-digit ISCO
codes. Panel (a) presents the estimated event-study coefficients for the year following the event, and panel
(b) displays the estimated coefficients for five years after the event. Both sets of coefficients are normalized
by the occupation-specific mean of total earnings observed in the year before outsourcing. Additionally,
both panels report 95% confidence intervals based on standard errors clustered at the worker level. We also
report the weighted standard deviation (net of sampling error) of these effects where the weights are given
by the number of person-year observations in a given occupation.



Figure 9: Effects by Task Content
(a) One Year after Outsourcing
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(b) Five Years after Outsourcing
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Notes: This figure reports the losses from outsourcing depending on the task content of an outsourced job.
A job in our data is classified according to five-digit CP (“Classificazione delle professioni”) codes from
the INPS data, which are then cross-walked and aggregated to three-digit ISCO codes. We next measure
the tasks associated with each job using the classification of Mihaylov and Tijdens (2019), which extends
the methodology of Autor et al. (2003) for ISCO codes. This provides a task content measured for each
job, i.e., how much of the job involves routine versus non-routine tasks and whether it requires analytical,
interactive, or manual skills. We assign a job to either non-routine analytical, non-routine interactive, non-
routine manual, routine cognitive, or routine manual, depending on the most prevalent task of the job.
We then average the occupation-specific effects of outsourcing for a given task content, weighting by the
number of observations associated with a given occupation. The effects on earnings are rescaled by the
average level of earnings observed in a given occupation, one year before the outsourcing event. Ninety-
five percent confidence intervals are based on standard errors calculated via the delta method and are
clustered at the worker level.



Figure 10: Effects by Value Added per Worker of Mother Firm or Labor Share
(a) Log Value Added per Worker
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Notes: This figure reports event-study estimates after fitting equation (1) separately for each decile of the
mother firm’s log value added per worker (panel (a)) or labor share (panel (b)), where both quantities are
measured the year before the outsourcing event. The blue coefficients capture the effects one year after the
outsourcing event, and the red coefficients capture the effects five years after. All reported coefficients are
scaled by the mean of total earnings observed in the year before the outsourcing event in a given decile.
The plot reports 95% confidence intervals based on standard errors clustered at the worker level.



Figure 11: Trends of Outsourcing Firms

(a) Log Revenue per Worker
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Notes: This figure reports (in red) the evolution of revenues, value added per worker, labor costs, and firm
size in the years before an outsourcing event. For comparison, we report in blue the trajectories of these
outcomes for firms that do not conduct an outsourcing event but are in the same region and two-digit
sector code of outsourcing firms. The graph is computed on a balanced panel; i.e., we condition on firms
that are alive and report financial statements to CERVED for each of the four years before the outsourcing
event.



Figure 12: Effects after Matching on Trends of Value Added per Worker

(a) Total Earnings
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(b) Employment
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Notes: This figure reports event-study estimates from equation (1). The blue line represents baseline effects
reported in Figure 1. The red line reports the event-study coefficients, computed after augmenting our
matching strategy to also include log value added per worker in 𝑡∗ − 3 and 𝑡∗ − 2 in the caliper matching
(with a bandwidth of 10 log points). The effects on earnings are reported after rescaling the event-study
coefficients by the average earnings observed in the year before the outsourcing event. Both panels report
95% confidence intervals based on standard errors clustered at the worker level.
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Table 1: Summary Statistics

(1) (2) (3)
Matched Control Matched Outsourced All Outsourced

Age 38.59 38.62 40.31
(10.74) (10.77) (10.77)

Female 0.43 0.43 0.44
Temporary contract 0.22 0.22 0.17
Working full time 0.73 0.73 0.68
Current tenure at firm 7.07 7.07 5.81

(5.34) (5.34) (5.11)
Total earnings 20,602 20,530 22,624

(13,007) (12,812) (23,099)
Daily wage 75.53 75.08 81.20

(40.23) (42.56) (80.07)
Firm size 1,352 1,146 973

(5,197) (3,760) (3,120)
Exposure - 0.58 0.57

(0.31) (0.32)

Number of workers 61,849 61,849 267,030
Number of firms 40,694 20,248 55,024

Notes: Column 2 presents the summary statistics of the outsourced workers who have at least two years of
tenure when outsourced and for whom we can find a matched control worker. These summary statistics
are calculated in the year before the outsourcing event, i.e., in 𝑡∗𝑖 −1. Potential matched control workers are
those who never experienced an outsourcing event in their career and, in 𝑡∗𝑖 −1, had the same tenure, region,
CBA, gender, employment contract, and quartile of firm size as their corresponding outsourced worker
(defined as the unique combination of the full-time and permanent contract indicators). A caliper matching
method based on earnings in 𝑡∗−3, 𝑡∗−2, and age is then conducted to assign exactly one matched control
worker for each treated worker without replacement ((Stepner and Garland, 2017)). Column 1 reports the
characteristics of matched control workers, and Column 3 reports the summary statistics for the entire set
of outsourced workers identified in the INPS data (without imposing a two-year tenure restriction). Total
earnings is the sum of labor earnings obtained by the worker in that year and are expressed in real 2015
euros. Exposure is defined as the fraction of the mother firm’s total wage bill paid to outsourced workers
in 𝑡∗𝑖 − 1. All statistics are person-year-weighted, and standard deviations are reported in parentheses.
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Table A2: Sample Construction

Steps to Construct Sample Share Dropped Workers Remaining
Starting point 1,336,193
Mother & daughter diff industry 38.9% 816,935
Flows restriction 60.8% 320,241
Restriction on mother closure 16.6% 267,030
2-year tenure restriction 19.4% 215,337
Matching algorithm 71.3% 61,849

Final Sample 61,849
Notes: The first row counts the number of (unique) workers registered in the INPS data who, between
2005 and 2019, experienced a job separation and where the reason is “outsourcing,” as recorded by INPS
records. We then remove from this sample outlier events; specifically, situations where exposure exceeds
125% (defined as the wage bill of outsourced workers relative to the mother firm’s total wage bill in the year
before the outsourcing event). This is our starting point. From this sample, we remove events where the
mother and daughter firm have the same six-digit ATECO code or where the INPS data show a transition
of workers going from the daughter firm to the mother firm. Finally, we remove events where the mother
firm is outsourcing 90% or more of its workers and is dissolved between year 𝑡 and 𝑡 + 1. In the next-to-last
row, we consider only workers who have at least two years of tenure with the mother firm at the moment
of outsourcing. The last row counts the number of outsourced workers for whom we can match with a
similar control worker who did not experience an outsourcing event, where the matching algorithm is
defined in Section 3.



Table A3: Effects by Task Content of Outsourced Jobs

(1) (2)
Earnings, 1 Yr after Outsourcing Earnings, 5 Yrs after Outsourcing

Non-routine manual -0.2565 -0.1173
(0.0589) (0.0594)

Routine cognitive -0.1496 -0.0973
(0.0565) (0.0717)

Routine manual -0.0936 -0.0504
(0.0731) (0.0788)

Constant -0.1452 -0.0445
(0.0439) (0.0527)

Number of jobs 99 99
Notes: This table presents regression results where the outcome is the average losses from outsourcing on
the various task contents associated with the outsourced job. The omitted category is non-routine cognitive
(non-routine analytical plus non-routine interactive). The effects on earnings are rescaled by the average
level of earnings observed in a given occupation, one year before the outsourcing event. The regression
weights by the number of person-year observations associated with a given job, and robust standard errors
are shown in parentheses.



A Additional Figures

Figure A1: Selection of Outsourced Workers within the Firm
(a) Total Annual Earnings
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(b) Log Daily Wages
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Notes: This figure presents a binscatter plot of the earnings and wages of outsourced and non-outsourced
workers (“incumbent workers”) in the year before the outsourcing event. The black line is a linear fit, while
the dotted line is the 45-degree line. Each dot represents the average earnings/wages of outsourced workers
and incumbent workers within the firm the year before the outsourcing event.



Figure A2: Effect on Log Daily Wages
(a) Log Daily Wages: Full Sample
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(b) Log Daily Wages: Dropping Compliers
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Notes: This figure reports event-study results on log daily wages (panel (a)) obtained after fitting equation
(1) on the log daily wage of individual 𝑖 in period 𝑡 . Panel (b) estimates this equation after dropping from
the sample pairs where the treated worker is not employed but the control worker is. We label this control
worker as a “complier”, one who would not be employed if exposed to outsourcing. The log daily wage
corresponds to the daily wage paid by the dominant employer, i.e., the employer that paid a given worker
the most in that particular year. Both panels report 95% confidence intervals based on standard errors
clustered at the worker level.



Figure A3: Conditioning on Mother Firm Survival
(a) Annual Earnings
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(b) Employment
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Notes: This figure reports event-study results on total earnings (panel (a)) and employment (panel (b)).
The figure reports the baseline event-study estimates on these outcomes (see Figure 1) in blue along with
event-study estimates computed for outsourcing events where the mother firm remains open the next
year after an outsourcing event. The mean of earnings at 𝑡∗ − 1 for baseline is e20,566 and e22,669 when
conditional on the mother firm not closing. Year 0 is the year of the outsourcing event. Both panels report
95% confidence intervals based on standard errors clustered at the worker level.



Figure A4: Distribution of Exposure across Outsourcing Events
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Notes: This figure reports the exposure measure for outsourcing firms in the matched sample described in
Table 1. Exposure is calculated as the share of the wage bill paid to outsourced workers the year before the
outsourcing event. All statistics are person-year weighted.



Figure A5: Effects by Exposure
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Notes: This figure reports event-study coefficients on total earnings, obtained by fitting equation (1) sepa-
rately for each decile of exposure of the outsourcing event. Recall that exposure is defined as the share of
the wage bill paid to outsourced workers the year before the outsourcing event. The blue line reflects the
percent impact of outsourcing on total earnings in 𝑡∗𝑖 + 1 (i.e., the event-study coefficient 𝜃1 from equation
(1), rescaled by the pre-outsourcing mean of earnings observed in year 𝑡∗𝑖 − 1). The red line reflects the
percent impact of outsourcing on annual earnings in 𝑡∗𝑖 + 5. The figure displays 95% confidence intervals
based on standard errors clustered at the worker level.



Figure A6: Effect on Log Daily Wages Using the Flow-Based Approach of Goldschmidt
and Schmieder (2017)
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Notes: This figure reports event-study estimates on the effects of outsourcing on log daily wages following
the flow-based approach of Goldschmidt and Schmieder (2017), where an outsourcing event corresponds
to a situation where a group of workers are employed in year 𝑡 by a non-business firm and in year t+1
are instead employed by an FCSL business service firm (see Section 4.3 for details). Both panels report 95%
confidence intervals based on standard errors clustered at the worker level.
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